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1. Introduction

The decision about which educational path children shakd has far-reaching con-
sequences for their future adult life, particularly in ctries with early tracking such as
Germany (see, for example, Brunello & Checchi, 2007; vaneElid., 2011).

If later revision of the decision is costly so that upward migbbetween tracks is low,
early secondary school tracking largely predeterminasgestis’ final secondary schooling
achievement and their vocational or academic career. A'slititure social and economic
situation therefore depends strongly on making the cos@ubol track choice.

With respect to the determinants of this choice, there isst amount of literature
on the transmission of socio-economic status, suggesiiyigsocial selectivity in quite a
few countries: This means that parental education, as a compound measyrarémts’
cognitive skills and for investments in their children, @ns the most important factor
for children’s educational attainment in Germany (e.g. ndek & Riphahn, 2009) and
the UK (Ermisch & Francesconi, 2001). Other studies exptbeeinfluence of family
income (Acemoglu & Pischke, 2001; Blanden & Gregg, 2004; fara008) or parental
(un)employment (Bratberg et al., 2008; Coelli, 2011; Stthelrg-Hoerisch, 2011) on chil-
dren’s education. So far, however, virtually no research lbeen conducted in the eco-
nomic literature addressing whether parental attitudeands education or other possibly
non-cognitive skills have an impact on their children’sasetary schooling.

Educational decisions might, however, be considered asva@stment with uncertain
outcomes, and would then be subject to individuals’ riskiggences. Everything else

being constant, it is therefore plausible to assume thlarisferences will also matter if

1In economics, intergenerational mobility research fosusainly on income (see the work of Solon
(1992) which has initiated a large body of research) wheseaml class mobility is of interest in the socio-
logical literature (for example, Erikson & Goldthorpe, 2)0

2Yet, there is an interest in this issue in sociology showira,tfor example, parents’ educational aspi-
rations matter (Henz & Maas, 1995; Paulus & Blossfeld, 2007)
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individuals have to decide about their children’s educslg@aths, particularly in countries
with early tracking, arguing that parents, rather thanrttem-year-old children take this
decision. The direction of the effect, however, is unclegriari. If future returns are
uncertain, risk-averse individuals may be more likely to@s$e a less risky schooling path
either for themselves or for their children, where “lesgyisefers not only to a shorter
time spent in education, but also to lower ability requiratseOn the other hand, there is
pervasive evidence of the positive effects of educatioratod market success, meaning
that education may also be used as a “safe haven”, i.e. itrhessarance character.

Given these two underlying contradictory positions, it & surprise that only few
empirical studies address the relationship between iddals’ risk attitudes and their own
educational outcomes, and that these few studies yieldgarabs findings (Belzil, 2007;
Shaw, 1996; Barsky et al., 1997). In addition, to our knowkednly two prior studies
have in the past examined the relationship between paneskspreferences and i) their
children’s secondary schooling track (Leonardi, 2007} anhacademic test scores and
post high school education (Brown et al., 2012).

We add to this scarce literature using data from Germanyimgas is interesting and
relevant since 1) the German education system streamseiidto different schooling
tracks at age ten, i.e. very early in their lives and 2) thetétle mobility between tracks,
meaning that the initial choice has a strong predetermicdiragacter. In addition to previ-
ous research, where risk attitudes are usually derived frgpothetical lottery scenarios,
we mainly rely on individuals’ willingness to take risks ineir career, but also employ
further risk attitude indicators to analyze robustness.

Using risk indicators for different domains, our resultshgelly indicate an inverse
relation between parental risk aversion and their childreacondary school track, with
some heterogeneity depending on whether parents’ riskagiiless is modeled separately

or jointly, by child gender, or by the risk measure used.
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The remainder of the paper is organized as follows. Sectipro2ides a brief intro-
duction to the German school system. In Section 3, we oulifie@ole of risk preferences
for educational outcomes and give a short overview of gardigearch. We introduce data
and methods in Section 4 and provide estimation resultscticd®e5. Section 6 addresses

the model’s robustness and the paper is concluded in Settion

2. The German school system

The federal government has no major responsibilities facation in Germany; in-
stead, each of the 16 federal states is responsible for itseolucation system. The main
features of the education system, however, are almostiadénpre-school kindergarten
education is provided for children aged three to six yeansjfnon-compulsory. Com-
pulsory school attendance begins when children start ele&meschool at the age of six,
and ends at the age of 16. Between the ages of six and terare.giade one to fouf,
elementary school provides basic training in reading,imgijtbasic mathematical skills,
as well as in creative and technical subjects such as mymidss painting and practical

work.

[Figure 1 about here]

After completing primary school, children are streamed different secondary school-
ing tracks (Figure 1). The three dominant secondary schypast are lower secondary
school Hauptschulg intermediate secondary scho8dalschul and upper secondary

school Gymnasium These school types, accounting for about 80 percent dests?,

3In two federal states, Berlin and Brandenburg, elementepaling ends at age twelve, i.e. at the end
of grade six.

40ther school types include comprehensive schools, spettialols and a few other mainly progressive
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aim at preparing them for a number of further educationahameational paths with differ-
ent cognitive requirements. Lower secondary schools aednrediate secondary schools
are attended for five to six years, and provide the basis ftindu (blue and white collar)
vocational apprenticeship training. The upper secondenpal track takes nine years
and offers school-leavers who receive th&hitur, enabling them to enter university, the
fastest and most direct path to tertiary education at usitres and universities of applied
sciencesKachhochschulen

The decision about which of these tracks a pupil will pursueased on parents’ pref-
erences and a recommendation by the pupil’s primary scleacher. Ideally, the recom-
mendation should reflect the child’s abilities, enablinmidr her to meet the cognitive
requirements of the chosen secondary school track. Thenreemdation is based on the
child’s achievements particularly in mathematics, regdind writing, mainly during the
last year at primary school. The recommendation is mangai@ome but not all federal
states: in 2004, the year on which our analysis below is hase@s mandatory in four
(Bavaria, Baden-Wirttemberg, Saxony, Thuringia) out sfesn federal states, implying
that children have to meet certain standards. Howevernfsmrgere able to challenge
the teacher’'s recommendation, for example by requestingsaassment by specialized
teachers or by having their chiild take entrance exams fooaldracks they preferred. In
all other federal states, teachers’ recommendations acemadinly based on the child’s
achievements in the year prior to the transition from prymarsecondary school. In con-
trast, however, it has no legally binding character heresbaks to give the child’s parents

guidance. Ultimately, the parents have the final say in thexderal states.

education alternatives such as Steiner or Montessori $&hédéthough privately organized, these schools
are also subject to the curricula of the respective fedéatd’'s Ministry of Education.

5A reduction to eight years has been agreed upon, but thetadjos has not yet been realized in all
federal states.
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It is worth noting that there is ambiguous evidence on whetive teacher’'s recom-
mendation is a good proxy for students’ abilities. On the baed, Lohmann & Groh-
Samberg (2010), for example, show that the recommendagitar predicts differences in
achievements accurately. However, a larger number ofestuddicate strong social selec-
tivity patterns: i) conditional on students’ skills, therpatal socio-economic background
has a major effect on a teacher’s propensity to issue a reemaation for the upper sec-
ondary schooling track (Bos et al., 2004; Baumert & Schurd@®1; Block, 2006). This
is complemented by evidence that children from familiehwaithigher socio-economic
background are more likely to attend upper secondary salexgite having been given a
recommendation to pursue a lower achievement track (Gorad03; Neugebauer, 2010).

After this first track decision, pupils can generally swisgtondary schooling tracks,
although the requirements differ from federal state to feldgtate. In a couple of federal
states, individuals can, for example, sequentially 'udgraafter completing lower sec-
ondary school, pupils can obtain the intermediate schaolihg certificate Mittlere Reifg
after one more year. In addition, wrong initial decisions & corrected, for example,
by transferring to the upper secondary schooling track fomth lower and intermediate
secondary track. However, such transitions are subjeattramce requirements such as
having achieved a specific grade or having a good commandodhanforeign language
in addition to Englist?.

Although there are options for switching tracks after thiéiahchoice, it is a rare
phenomenon: in the 2004-05 school year, only 2.9 percenhitifren in the seventh to
ninth grade changed tracks, 60 percent of whom changed wex fualifying track, i.e.

from the upper to the intermediate secondary track or froenntermediate to the lower

6In addition, there is also evidence of further social sélégtat later transition stages (compare, for
example, Jacob & Tieben, 2009; Glaesser & Cooper, 2011).
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secondary schooling track. In contrast, a mere 0.6 perdahegupils in this cohort ac-
complished an upward track change (Konsortium Bildungshterstattung, 2006). This
means that, despite the evidence that there is some overlstpdents’ skills, the ini-
tial choice therefore predetermines students’ final edoicat attainment to a large extent.
This is also why determinants other than students’ alslitseich as their parents’ educa-

tional background and possibly also their attitudes towaisk, are relevant.

3. Risk preferences and educational outcomes

It is widely known that educational attainment correlatesrgyly with labor market
success: no or low educational attainment is associatddanitigher risk of unemploy-
ment and unstable, low-paid jobs; higher education, inresttis a good predictor of
access to well-paid, stable jobs with good career prosp&adismillen & Moller (2012),
for example, show that individuals’ lifetime unemploymehiration decreases more or
less monotonically with educational attainment. Closelgted to this, a myriad of papers
provide evidence of the positive relation between edunagiod earnings (Westergaard-
Nielsen et al., 2001; Psacharopoulos & Patrinos, 2004).

Given this almost ubiquitous information, why should irdivals be unwilling to in-
vest in education beyond compulsory basic education tomiaa negative long-term con-
sequences? In the context of our analysis and Germany’sksygiem, as outlined earlier,
the question is why parents should not want their childrepetgtreamed into at least the

intermediate if not the higher secondary school track?

’Analyses based on PISA data, for example, show that the wpetile of pupils on the intermediate
track perform better than the lowest quartile of pupils aadbper secondary track. The same holds for the
top ten percent of pupils on the lower secondary school tachpared to the lowest ten percent of the upper
secondary track (Naumann et al., 2010)

8See also the recent special issue of this journal (Volumés30g 6, 2011) on the economic returns to
education.
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One aspect of a response to this question is that schoaiehitgill ideally pursue a
school track that matches their skills with the track’s dtge demands. A recent study
suggests that individuals’ risk attitudes are related ®rthognitive abilities (Dohmen
et al., 2010). There is also evidence that both risk attgusae cognitive skills are passed
down from parents to their children (Dohmen et al., 2011ag&kr& Heineck, 2010). A
relation between parents’ risk attitudes and childreniscational outcomes can therefore
be expected not based on risk alone, but also because ofindis’ capabilities. Since we
have insufficient information on children’s cognitive atids, this is hard to differentiate
with the data at hand. To get around this issue to some extentver, we use a falsifica-
tion test based on whether the recommendation is mandatergyremandatory, outlined
in detail below.

Conditional on the child’s skills, one might either way aegtlnat educational deci-
sions are subject to individuals’ risk preferences: in teohhuman capital, educational
attainment is an investment in future payoffs and, as ssch decision under risk. How-
ever, it is impossible to predict a child’s future achieveseexactly, meaning that it is
unclear whether monetary expenditure and non-monetargroppty costs will pay off.
Such unknown probabilities of an individual’s educatiosiatcess or failure — including,
for example, the risk of repeating a class or, worse, dragpput of school — can dis-
courage risk-averse individuals from investing in humapited or education beyond the
compulsory level from the very outset.

One possible expectation could therefore be that risksavparents shy away from
the upper secondary school track and prefer a school tratkdibes not qualify their
children for entrance to university. On the other hand, éigitducation may be thought
of as a “safe haven”, i.e. as a type of insurance, since thgiymosorrelation between
educational attainment and labor market outcomes is wellWkn Risk-averse parents

may then be less likely to want their children to pursue theelosecondary school track

8
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which, compared to higher qualifying tracks, is relateddmewhat greater future risks
in terms of unemployment, preferrin them to pursue the méeatiate, if not the upper
secondary school track.

Since this ambiguity is unsatisfactory from a theoreti@hpof view, it is therefore an
open empirical question whether one of the effects domathe other. In addition, given
the evidence that women are more risk-averse than men (Doktrad., 2011b) and that
mothers are more involved in their children’s educatiomtfethers (Enders-Dragasser
et al., 2004; Oesterbacka et al., 2010; Hallberg & Klevmay©€03; Guryan et al., 2008)
there may also be a gender-spedific effect.

Previous research
While there is substantial evidence that risk attitudescafhdults’ behavior and outcomes,
including migration (Jaeger et al., 2010), or labor marketsss (see Hartog et al., 2002;
Bonin et al., 2007; Pfeifer, 2011), we concentrate on studrethe relationship between
individuals’ risk attitudes and their own educational emtaent. In an early study, Weiss
(1972) used data from the 1966 National Register of Scierdifid Technical Personnel
and provided evidence of a negative impact of risk aversiohwoman capital investments
and on returns to education. The results of Shaw (1996),dbaselata from the 1983
Survey of Consumer Finances, indicate a positive cormldtetween risk-taking behavior
and wage growth as well as higher returns to education faerriek-averse persons. In
contrast, Barsky et al. (1997) describe a U-shaped rekdtiprbetween risk tolerance and
years of education, peaking at 12 years. Belzil & Leonardd{@ use the Italian Survey of
Household Income and Wealth (SHIW) to explain differencesdahooling by individual
risk heterogeneity. Their results indicate only a smallateg effect of risk attitudes on
individuals’ own schooling attainment.

To our knowledge, only two previous studies have addresseddlation between

parents’ risk attitudes and their children’s educatiorchi@vement: Leonardi (2007) ex-
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amines the effect of parents’ risk attitudes on their youdglia(19-23 years) children’s

schooling track decisions. Using 1995 Italian SHIW datacdwecludes that differences in
risk attitudes are not an important determinant of secgnsiarool choice. In contrast, the
study by (Brown et al., 2012), who use data from the 1996 Patnely of Income Dynam-

ics (PSID) for the US, indicates an inverse relationshipvieen parental risk aversion and
their children’s achievement, as measured by scores ahievstandardized academic
tests on mathematics and reading skills as well as by thepgmsity to attend college

after high school.

4. Data and methods

Our analyses are based on data from the German Socio-eaoRame| Study (SOEP).
The SOEP is a representative, annual household panel shplgmented in West Ger-
many in 1984. It contained over 12,000 adult respondenta ftbout 5,900 households.
It was extended to the former East Germany in 1990, and additsamples were addded
later. It now consists of more than 20,000 adults. The SOERjiste rich database includ-
ing a wide range of information on the socio-economic stafusoth private households
and individuals (see Wagner et al., 2007).

Since our interest lies in the risk-education gradient todents’ initial secondary
school track choice, we restrict our sample to adult respotgdwith children between the
ages of 10 and 1% We thus focus on children who have not yet obtained the firssipte
school-leaving certificate and who could then, for examplesue further education to
upgrade. Another reason for the upper age bound is that smboles are more likely to

start making their own decisions, meaning that we would b&utenwhether the track

%We cannot rule out that the observed school track is not titialichoice, but note again that less than
one percent of all students changed to a higher qualifyaxcktm the 2004-05 school year.

10
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observed at age 16 and above is the one that, we argue, waddimshated by their
parents’ expectations and preferences.

As for the child’s secondary school track choice, we focushenthree major school-
ing tracks as outlined above: lower secondatgiiptschulg intermediate secondariRé-
alschulg and upper secondargymnasiurin Our dependent variable is therefore a cate-

gorical variable with three outcomes:

;

1, if the child attends the lower secondary schooling trgt¢&uptschule)

Yi=14 2, ifthe child attends the intermediate secondary schooteckiRealschule)

3, if the child attends the upper secondary schooling t{&kmnasium)

\

Information on individuals’ risk attitudes was first sureelyin 2004. In addition to a
hypothetical lottery question, the questionnaire inctuskeveral items on the respondent’s
self-reported general and context-specific, i.e. domalknattitudes. General risk attitudes
are surveyed askinHow do you see yourself: Are you generally a person who iy ful
prepared to take risks or do you try to avoid taking riskst®' which answers could be
given on an 11-point Likert-type scale from fisk-aversg to 10 fully prepared to take
risks). Context-specific risk attitudes are measured as answeiBebple can behave
differently in different situations. How would you rate yaullingness to take risks in
the following areas?"where areas mentioned are risk-taking while driving, imiicial
matters, during leisure and sport, in the respondent’sgateonal career, with his or her
health, and his or her faith in other people.

While previous research on the education-risk gradienaiget on risk measures de-
rived from lottery questions, Dohmen et al. (2011b) cle@dynt out that context-specific
risk attitudes are better predictors of context-specifitaveoral outcomes than a lottery-

based measure. Out of all domain-specific risk measuresidodls’ risk attitude towards
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health, for example, is the best risk item to predict thealtrebehavior. The authors
furthermore show that propensity to self-employment ig pesdicted by career risk atti-
tudes. This is complemented by the findings of Pfeifer (2019 shows that career risk
attitudes are better predictors of sorting into public geemployment than overall risk
attitudes. We therefore mainly employ individuals’ williness to take risks in their oc-
cupational career as a more appropriate measure with régénd gradient between risk
and human capital investments. However, we run additiomalges using further related
risk measures (financial matters, general risk takingetgjtas robustness checks.

Considering the ordinal 11-point scale, we would be ablestregate up to eleven risk
attitude dummies. For ease of interpretation, however,al@itate mean and standard de-
viation separately by mothers’ and fathers’ career riskuakes, and generate the following
three risk categorie¥’

A parentis

e risk-aversaf their response valuX is smaller than the meap) minus the standard

deviation @): X < u— o,

e risk-neutral if X ranges between the mean plus/minus one standard devigation:

O<=X<=u+ao,
e risk-lovingif X is larger than the mean plus the standard deviatm: 1 + o.

As mentioned above, there is evidence that 1) males and ésndéfer in their will-
ingness to take risks (Dohmen et al., 2011b) and that 2) mo#re much more involved
in their children’s schooling activities than fathers (ErgtDragésser et al., 2004; Oester-
backa et al., 2010; Hallberg & Klevmarken, 2003; Guryan et2008). Although this

19Compared with other approaches, such as a more or lessaayhitassification into four or five cat-
egories, we prefer using information from the observedibistions. See Table A.1 in the Appendix for
descriptive statistics of the different risk measures.
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could lead to a greater influence of mothers’ risk attituagethe tracking decision, it is
unfortunately impossible to further differentiate thisrahousehold decision mechanism
with the data we have at hand. For this reason, we focus mamgeparate analyses for
mothers and fathers in the interpretation of the resultsalso estimate further regressions
including both parents’ risk attitudes as one of our robessnchecks. Our final sample
consists of about 1,200 mother—child observations and sf/é father—child observa-
tions.

The average domain risk attitudes of mothers and fathesh@sn in Table 1, support
earlier findings that females are more risk-averse thansnatespective of the domains
we consider. We further stratify these first descriptiveifigd by individuals’ employment
status to get an impression of the link between labor mar&etgipation and career risk
attitudes. The gender differences hold for all risk domainsspective of whether the
individual is employed full-time, part-time or not emplayat all. Beyond that, we find
that risk willingness is higher for the employed and, amamg ¢mployed, higher for
full-time working individuals. In our multiple regressisnwe take these differences into
account and control for individuals’ labor market statud erperience. This is useful due
to the differences in the labor market attachment betweemand women, and mothers
in particular.

[Table 1 about here]

A firstimpression of the relationship between parents’inglhess to take risks in their
occupational career and their children’s secondary sdnack choice is given in Figure 2.
The patterns imply that children of risk-loving parents smech more likely to pursue the
upper secondary school track whereas children of risksaverothers (fathers) are more

likely to be enrolled in the lower (intermediate) secondseiiool track.
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[Figure 2 about here]

Since these descriptive findings can be confounded by o#lcgors, we control for a
large range of socio-demographic and -economic charatitsrin our regression analy-
ses. Parents’ education is clearly a key determinant of tgidren’s secondary school
track choice. In line with the structure of the educationtsys the regression includes
dummies on whether the parent has acquired a lower, inteateedr upper secondary
schooling-leaving certificate or whether there is no infation about the parents’ educa-
tion. Parents’ current employment status is another rate@variate since 1) parents’ risk
attitudes differ according to employment status, and 2)l&tes to the household’s budget
constraint and also to the time parents are able to invessiisting their children, for ex-
ample with their homework. In addition, parents’ labor neré&xperience is included by
three variables: full-time, part-time and unemploymemezience! The monetary bud-
get constraint is further accounted for by the log of the rmiymet equivalence household
income. Further control variables are the child’s age, wbethe child is a boy, three
dummies on the number of children in the family (one siblimgy siblings, three or more
siblings), the parent’s age at the birth of the child, andtivbethe parent is a citizen of any
other country than Germany.Moreover, the size of the district in which the respondents
live is accounted for to capture possible differences iratralability of intermediate and,
particularly, upper secondary schools between rural abdruareas.

Due to the categorical character of our dependent varidiidemultinomial logit es-

timator is used, allowing for differences in each covafsatearginal effect across cat-

Usince the different employment experience are highly d¢atee, we run separate regressions including
only one of the three variables at a time without substankiahges of the results.
12See Table A.2 for descriptive statistics.
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egoriest® Our baseline model describes the correlation between tié'schecondary
school track choice and a vector of covarialsY; = j|Xi), whereX comprises each
parent’s risk attitude and the controls noted earlier.

We consider a possible relation between the parent’s owgoatidun and his or her
risk attitude, and extend our baseline specification byuiticlg terms interacting the re-
spondent’s risk attitude and his or her highest educatiachievement. To avoid issues
associated with the calculation of marginal effects in tinaar models that include in-
teraction terms (Ai & Norton, 2003; Greene, 2010), we sirteizhanges in parents’ risk
preferences in order to calculate the corresponding donditpredicted probabilities of
the child’s secondary school track choi¢&(Y;|parent’s risk attitude), where the parent’s
risk attitude could be averse, neutral or loving.

Since we are mainly interested in the effects of risk averss the willingness to take

risks, we calculate the following differences:

AL = Pr(lower track | parent is risk-averse) Pr(lower track | parent is risk-loving)
A, = Pr(intermediate track | parent is risk-aversePr(intermediate track | parent is risk-loving)

Ay = Pr(upper track | parent is risk-averse)Pr(upper track | parent is risk-loving)

As outlined above, the role played by teachers’ track recendations after primary
school differs from federal state to federal state. Our ln@senodel includes a dummy
for the four federal states (Bavaria, Baden-Wiurttembeeaxo8y, and Thuringia) where
recommendations are more or less final and the costs to crenimecommendations are
high14

13Both the Hausman-McFadden test and the Small-Hsiao test amplied to test the independence of
irrelevant alternatives (lI1A) assumption underlying thaltimomial logit model; we found no evidence to
the contrary (see also Long & Freese, 2006, p. 243ff.).

14We also used a different specification using only Bavaria Baden-Wirttemberg as the two states
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We furthermore use this restriction as a kind of falsificattest: ideally, teachers’
recommendation match the children’s skills, enabling ugytmre for the moment that
we have insufficient information on academic abilittesMoreover, if we assume that
parental preferences are distributed equally across tinetigo the underlying correlation
between parents’ risk willingness and their preferencesHeir children’s school track
choice should be just as strong in federal states with mangggacher recommendations
as in all other federal states.

Parents’ preferences are not taken into account in thesstdtere recommendations
are mandatory, and the child’s tracking decision is basksdyson the teacher’s evaluation
of the child’s skills. As a consequence, any observablecistson between parents’ risk
attitudes and school track choice in federal states whemmmendations are mandatory
must be due to omitted variables. We may therefore expetfthare were no association
in these four states but a strong association in the rentnistates, the results would
be more likely to point to causal effects rather than mereetations. Hence, as a key
competitor to our baseline model, we split our sample into swwbsamples. One sample
includes observations from the four federal states whesemenendations are binding;
the second sample contains observations from the fedatalssivithout legally binding
recommendations.

In addition to our baseline specifications we run the follogwobustness tests: 1) we

account for both parents’ risk willingness in the estimasidoy jointly including items

where the education system has the highest restrictiortsafck selections and very strict segregation be-
tween tracks (compare Lohmann & Groh-Samberg, 2010, p.. 4I#8 results remained the same and are
available upon request.

15A shortcoming in our analysis is that we do not have any dimgfcrmation on children’s academic
achievements or cognitive abilities. We tried to circuniiéis problem by matching information from then
17-year-olds who were asked for retrospective informatiortheir primary school teachers’ recommen-
dation. This resulted in quite substantial problems due igsimg values, which is why we refrain from
reporting the findings in this paper. Where available, tteomemendation coefficient correlates with the
observed secondary school track, but does not substgrdiehge the results for the parents’ risk attitudes.
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for mothers’ and fathers’ risk willingness, and by using raged parental risk, 2) we
employ the individual’s score on the risk willingness scale. we use a quasi-metric
measure, 3) we employ further domain risk indicators — thlévidual’s general risk will-
ingness attitude and risk attitude in financial matters &edlaottery item — to check the
sensitivity of the risk measure used. As a further extensi@run separate analyses for
mother/father—son/daughter subsamples to examine whisthie are differences due to

the child’s gender.

5. Results

Tables 2 and 3 report average marginal effects for the lmesetiodel, for mothers
and fathers, respectively. First, unsurprisingly, the mwuential control variables are
parents’ education and household income. Having a pareht ani upper secondary
schooling-leaving certificate increases the probabilitthe child pursuing the upper sec-
ondary schooling track by about 20 percentage points (T2lide mothers) or almost 16
percentage points (Table 3 for fathers) compared to thd ofih parent with intermediate
secondary schooling. A complementary picture is found &epts with lower secondary
schooling, whose children are more likely to pursue the tseeondary school track. We
find evidence of a strong education transmission from parentheir children, which is
in line with previous research on intergenerational edananobility in Germany (Hei-
neck & Riphahn, 2009). Children in higher income househalds have greater chances
of pursuing the upper secondary school track. Moreovandivn a federal state where
teachers’ recommendations are strongly binding is assatwsith higher probabilities of
enrollment in the lower secondary track and with lower piolitges of pursuing the upper
secondary track.

Regarding our central interest, the estimates suggeshitjfatparental willingness to

take risks has no impact on children’s secondary schook tchoice, compared to an
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average risk-taking attitude. Having a risk-averse mothewever, is correlated with a
9 percentage point decrease in the probability of the cheliehd enrolled in the upper
secondary school track and a roughly 5 percentage poin¢aserin pursuing the lower
secondary school track (Table 2). This effect seems to beestpdut comes close to the
association between living in a federal state with bindeerhers’ recommendations and
children’s secondary school enrollment. The overall pattdso indicates a substantial
gradient: conditional on mothers’ risk attitudes, the jprestl probabilities imply that the
greater a mother’s risk willingness, the more likely heilais to attend upper secondary
school and the less likely he or she is to pursue the lowemskoy school track (cf. the

lower panel in Table 2).

[Table 2 about here]

While this finding is in line with the previously mentionedtium that education is a
risky investment from which risk-averse individuals shyagywve find a somewhat differ-
ent pattern for fathers. In particular, the estimates @i@i@ small negative and weakly
statistically significant association between fathesX aversion and children’s enroliment
in the lower secondary school track (Table 3, column 1),ragampared to counterparts
with risk-neutral attitudes. This is at odds with the firspegtation, but is in line with
the “safe haven” notion. Yet, the negative sign of the avemragrginal effect of fathers’
risk aversion on the children’s enrollment in the upper sting track may indicate that
fathers opt for a middle path. In addition, calculating pcestl probabilities conditional
on fathers’ risk willingness (cf. the lower panel in Tablesg find only minor differences

in children’s secondary school track choice as their fatheareer risk attitudes vary.

[Table 3 about here]
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Looking at both parents together, the results differ formeos inasmuch as their risk
attitudes are no longer related to their children’s schoamtk. It is, however, hard to
tell whether this loss in statistical significance is due $saxtative mating in partners’
risk willingness or whether it is the male who dominates teeision on the preferred
school track, or both of these reasons. Irrespective of titenying mechanism, the
result for fathers holds as there is a statistically wealgatiee association between their
risk attitudes and their children’s enroliment in the lowecondary school track (Table 4,
upper panel). We find a similar picture for risk aversion ifaverage parents’ risk attitudes
(Table 4, lower panel). We now also find that risk willingnesgpositively related to the
child pursuing the upper secondary school track. The predliprobability increases by
about 6 percentage points.

Results from the falsification test
Until now, we have used a dummy variable to allow for differes between states in the
impact of teachers’ recommendations. However, as arguédreeaybe there are factors
other than parental risk attitudes that drive the assaciatith children’s school track en-
rollment. As outlined above, we split our sample in ordermo & falsification test: if there
were a gradient between parental risk attitudes and schaxk thoice in federal states
where recommendations are final, we would have reason tasligtur results since such
a gradient might more probably be caused by omitted confiogndriables. However, the
estimates do not raise any concern. Without showing thdtsasudetail, the simulations
initially indicate no statistical correlation betweenHhats’ risk attitudes and their chil-
dren’s school track for either the full sample or both subsiash The findings for mothers
are then convincing inasmuch as the risk attitude diffezeme conditional predicted prob-
abilities are zero in the subsample of the federal statesenmieachers’ recommendations

are binding (Table 5, Panel B). In contrast, the findings ftirez the full sample that in-
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cludes the binding recommendation state dummy or the sytisashobservations from
the states without binding teachers’ recommendationsatdisubstantial differences in
both lower and upper secondary school enroliment proltisilionce mothers’ risk atti-
tudes are varied from averse to loving (Table 5, Panels A andH&ving a risk-loving
rather than a risk-averse mother significantly increasesréses) her child’s probability

of pursuing the upper (lower) secondary school track by nbuten percentage point§.

[Table 5 about here]
Interacting risk and education
We extend our baseline model and include interaction tefrpsu@ntal risk attitudes and
education to control for the relation between a parent’s eduncation and her or his risk
attitudel’ Similar to the conditional predicted probabilities, weatahte differences in
the predicted school enroliment outcomes after varyingmat risk attitudes, while all

other covariates are kept at the observed values (see Table 6

[Table 6 about here]

The results of these simulation exercises reinforce theénfysdof the baseline models
inasmuch as there is no convincing evidence of fathers’aistudes, but a striking gra-
dient between mothers’ risk attitudes and their childres@sondary school track enroll-

ment. The difference in predicted probabilities of enr@irhin the lower track amounts

16We run additional estimations, classified according to faldgtates with or without mandatory teach-
ers’ recommendations, and including averaged parentsiviingness, and come to a similar conclusion
inasmuch as there is no statistical relation between psirgsk attitudes and their children’s secondary
school track, but a decrease of about 12 percentage poimmteinmediate secondary school enroliment and
an increase of about 10 percentage points in upper secosdang! enrollment if parents are, on average,
willing to take risks rather than being risk-neutral.

In contrast to the baseline model, we do not run a similaryaisfor a joint parental risk indicator since
we would also have to average mothers’ and fathers’ eduttaitainment, which is not a useful approach.
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to almost 7 percentage points conditional on the mothergoeither risk-averse or risk-
loving. The impact of maternal risk attitudes is even stemnghen examining the upper
secondary school track: there is a difference of 10 pergenpaints in predicted proba-
bilities, meaning that the child of a risk-loving mother isiolh more likely to pursue the

directly university-qualifying schooling track.

6. Robustness

Using the quasi-metric scale
In our baseline models, we use categorical risk variableteased from the underlying
risk attitude distributions. To examine the stability oédle first findings, we now employ
the scores of the scale itself. The results in Table 7 maimbyssimilar patterns. An in-
crease in fathers’ risk willingness by one unit is not stat#ly related to their children’s
secondary school track, but the average marginal effeggestia kind of U-shaped gradi-
ent. Moreover, there is again evidence of a monotonic meldietween a mother’s attitude
to occupational career risk and her child’s secondary ddinack: a one-unit increase in
risk willingness decreases the predicted probabilitiesnwbliment in the lower track and

increases enrollment in the upper track by one percentagenespectively.

[Table 7 about here]

Figure 3 depicts this result, showing that irrespective loéther the mother has a lower
or upper secondary school-leaving certificate, the chpdibability of pursuing the up-
per secondary schooling track increases by roughly terep&age points with changes in
maternal willingness to take risks from 0 to 10. Complenmenthis, an increase in risk-

taking willingness over the whole range also reduces loweosdary school enroliment
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by about ten percentage points.

[Figure 3 about here]

Further domain risk attitudes
As outlined, our analysis differs from existing studiegg(eBelzil & Leonardi, 2007;
Leonardi, 2007; Brown et al., 2012) inasmuch as we mainlyleynpdividuals’ risk aver-
sion derived from their attitudes towards taking risks imittcareer rather then relying
on hypothetical lottery questions only. To allow for compan, however, we run further
robustness checks to accommodate prior research by usinglitiduals’ general risk-
taking attitudes, which is still a better overall risk belwapredictor than a lottery measure
(Dohmen et al., 2011b), 2) individuals’ willingness to taksks in financial matters, and
3) the lottery question as implemented in the SGEP.

Compared to the findings from the baseline model, the reiulthe other risk-taking
indicators imply somewhat more heterogenous patternd; firere is a 6.4 percentage
point decrease for risk-loving mothers in the probabilityreeir children’s enrollment in
the lower secondary school track (Table 8, Panel A). Thisnegizggests the “safe haven”
hypothesis, even more so since we further find a 7.5 percemaigt increase in the pre-
dicted probability that the child will be streamed into theermediate secondary schooling
track. The negative sign of the average marginal effect aaypng the upper secondary
track would again suggest shying away from this option, jistis not statistically signif-
icant. This pattern holds if we look at mothers’ risk-takinginancial matters (Table 8,

Panel B): again we find a decrease (increase) of almost 8 (fhanet) percentage points

18Note, however, that the resulting distribution is highlesled so that our categorization in “averse-
neutral-loving” yields a very different pattern for indilials’ risk willingness compared to the other risk
indicators, cf. Appendix Table A.1.
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for risk-loving mothers and the predicted probability of@ment in the lower (interme-

diate) track. In addition, there is a decrease of almost Sgugage points in pursuing
the upper secondary school track if the mother is riskavdfeethe lottery measure, the
evidence is less convincing, even though there is a increfaslenost 6 percentage points

in the probability of a child pursuing the intermediate saltoack.

[Table 8 about here]

The results for fathers complement the picture for motheasmuch as, where sta-
tistically different from zero, the results suggest a terayein favor of the “safe haven”
notion. In particular, there is a negative association betw(generally) risk-averse fa-
thers and their children’s pursuit of the lower secondahost track, but a positive link
to enrollment in the intermediate track, with a decreasar{arease) of 6 (9) percentage
points. Similar to mothers, there is a decrease in theidofil's enrollment in the upper
secondary school track if fathers are risk-averse in firamgatters, with the effect being
slightly greater, i.e. pointing to a decrease of almost &@atiage points. Finally, and
again similarly to the results for mothers, there is an iasesof about 5 percentage points
in the predicted probability that the child will pursue tikarmediate school track.

We repeated these analyses with i) the joint and ii) the geslgarental risk indica-
tors, but refraim from showing the results in further detsithce the patterns are roughly
the same as in the separate analyses. That is, where stdliysgignificant, the overall pic-
ture supports a tendency towards enroliment in the intelaedecondary school track.

Full results are available on request.

We also carried out simulation exercises, i.e. we calcdlateldren’s predicted sec-

ondary school track probabilities, conditional on varieatgmtal risk willingness. We
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refrain from presenting these findings since the differennehe predicted probabilities
do not usually differ statistically from zero. There is oxeeption: similar to the findings

for mothers, there is a 10.5 percentage point differenceviret track enrollment probabil-

ity for a mother being either risk-averse or risk-loving inancial matters, with a higher
probability found for risk-averse mothers. Additionalye repeated the simulations for
the two subsamples that differ in terms of the binding chiaraaf teachers’ recommenda-
tions and find similar patterns for mothers’ risk attitudesards financial matters: there
are no significant effects in federal states where recomatents are final but, again, an
11 percentage point probability of higher lower track eimeint for a child of a risk-averse

mother compared to one of a risk-loving mother in all otheefal states.

Differences by child’s gender?

Recent research further suggests gender-specific inenaf@nal education transmission,
I.e. that fathers’ education is more important for the etiocal achievement of their sons
and that, similarly, mothers’ education is more relevamtth@ir daughters’ educational
outcomes (e.g. Dearden et al., 1997; Heineck & Riphahn, ;2Q@enjans, 2010).

Given this evidence and the observation that risk-takingngness differs between
males and females, we extend our analysis and separatentipéesaby the child’s sex to
examine whether parents’ risk attitudes affect boys’ dsggecondary school enroliment
differently (Table 9). Our results highlight two findingststi, parental risk attitudes play
a larger role for daughters than for sons, inasmuch as notieeadverage marginal ef-
fects on the outcomes of boys differs statistically fromoze®econd, however, we find
suggestions of different underlying mechanisms for fagtzard mothers. In line with the
findings of our baseline model, a daughter’s probability wfspiing the lower secondary
track is associated with an increase of about 10 percentaigéspvhen having a risk-

averse mother but, in contrast, decreases her probabilgyrsuing the upper secondary
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track by 8 percentage points. For fathers, we again find thlataversion is negatively
associated with enrollment in the lower secondary trackihmat risk-loving substantially
decreases the daughter’'s chances of being enrolled intéreiediate secondary track and
substantially increases her probability of being enroihethe upper track, with changes of
almost 10 and 14 percentage points respectively. Withcawstyg it in detail, the results
for fathers hold if we use parental risk indicators joinffjie maternal impact loses its sta-
tistical significance, as in our basic model. Nevertheldss,finding raises the issue that
aspects such as social conservatism or social reproduniggralso be of importance for
the underlying mechanism, and not just the anticipatedevafihuman capital investment
alone®®

[Table 9 about here]

7. Summary and conclusions

Growing research addresses the effects of individualshitivg@ and non-cognitive
skills on different labor market outcomes (for an overviseg Borghans et al., 2008). The
role of individuals’ risk attitudes has also attracted daHyp attention within this strand
of research (ibid., p. 1002 f.), but has largely concentrate issues such as portfolio
choice, occupational choice, or earnings. Yet, as fututeamnes of individuals’ educa-
tional choices are uncertain and may thus represent risigsiments, it is plausible to
assume that an individual's willingness to take risks mayehan impact on his or her won
educational choices as well as on the educational path afrtner children.

Theoretically, however, it is not that clear a priori whethisk-averse individuals
would attempt to avoid educational investments as educatiay also serve as a “safe

haven”, i.e. would have an insurance type character. Ouysisgrovides further evi-

19We are grateful to one of the referees for pointing this owtsto
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dence of this issue, and we examine whether parental riskdss are linked to the sec-
ondary school track choice of their children. We therefatd B an almost non-existent
literature, where the studies of Leonardi (2007) and Browel.g2012) are the only pre-

vious studies on the parent—children gradient. We expleréterman case which is as in-
teresting and possibly even more relevant because of thutranal setting that streams
children at age ten, i.e. very early, into different secopdhool tracks. Upward mo-

bility between tracks is low, meaning that the initial cleitas a strong predetermining
character.

Our results imply the following: 1) with everything else bgiconstant and compared
to their risk-neutral counterparts, risk-averse motheesnaore likely to have their child
enrolled in the lower secondary schooling track, partidylé the child is a girl, and less
probably in the upper secondary track. With substantiahgka in the predicted proba-
bilities (6 and 10 percentage points respectively), thgpsuts the notion that education
is considered as a risky investment. 2) In contrast, therfgwifor fathers are not as con-
vincing and consistent as for mothers and are more in link svitsafe haven” argument
inasmuch as the children of risk-averse fathers are leslyli pursue the lower secondary
school track. This is reinforced in analyses that jointlydmidooth parents’ risk attitudes,
for which we find a tendency towards the intermediate seagrstdnool track.

In further analyses by child gender, the results suggegicésipeyond and other than
just the anticipated value of a human capital investmergnmach as we find a stronger
effect for girls. This is further complemented by evidenkattdaughters of risk-loving
rather than risk-neutral fathers are much more likely tesparthe upper secondary track
which directly qualifies schoolchildren for entrance tovansity.

Given that our analysis is only one of yet very few attemptexplore this specific
guestion, it may be too early to deduce policy implicatiofrswiden the scope for social

mobility, it might either way be useful to consider relaxithge requirements for upward
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ses track mobility in particular so that a possibly wrong inittéoice based on, amongst other

se7  things, parental-risk taking attitudes can be reverseceraasily.
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sss  Tables

Table 1: Descriptive summary of mothers’ and fathers’ risk measuregeneral and by
employment status

Full sample Full-time Part-time Not employed
Mean SD Mean SD Mean SD Mean SD

Mothers
Career B8 241 406 247 329 230 302 246
General 407 223 455 220 398 220 388 225
Financial matters .97 183 232 179 198 182 171 182
Lottery 541 092 536 090 539 093 548 089
Fathers
Career 40 248 447 245 392 250 388 272
General 04 220 510 217 496 236 451 236
Financial matters 24 236 332 236 322 234 249 227
Lottery 502 124 498 124 552 075 524 129

Notes: Risk willingness towardsareer, generalandfinancial matterss measured on an 11-point Likert-
type scale, where "0" indicates no willingness to take resid "10" indicates full willingness to take
risks. Risk willingness in thiottery is measured on a 6-point Likert-type scale, where "1" ingiséull
willingness to take risks and "6" indicates no willingness.

Source SOEP, 2004. Authors’ own calculations.
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Table 2: Baseline specification - children’s educational attainmemultinomial logit
estimation.

Pr(y=lower sec) Pr(y=secondary) Pr(y=upper sec)

Average marginal effects

Mother: risk—averse (career) o6~ 0.004 —0.079"
(0.031) (0.036) (0.034)
Mother: risk—loving (career) —0.021 Q015 Q006
(0.031) (0.036) (0.033
Mother’s education: lower sec. B3 —0.100** —0.132**
(0.033) (0.037) (0.035)
Mother’s education: upper sec. —0.055 —0.139** 0.194**
(0.031) (0.041) (0.041)
Mother’s education: missing 056" —0.106" —0.050
(0.050) (0.056) (0.058
Mother’s age (at birth of child) —0.008* —0.007 0.015"**
(0.003) (0.004) (0.003)
Mother: migrant —0.010 Q029 —-0.019
(0.034 (0.048 (0.046)
Male 0.063** —-0.011 —0.051*
(0.022 (0.026) (0.024)
Child’s age —0.036** 0.015 Q021+
(0.008 (0.010 (0.009)
One sibling —-0.017 Q005 Q012
(0.033) (0.037) (0.036)
Two siblings —0.016 Q065 —0.049
(0.038) (0.045 (0.042
Three or more siblings .048 Q057 —0.105*
(0.050) (0.058 (0.053
Net equiv-income (log) —0.160** —0.072* 0.232*
(0.030) (0.035 (0.032
Federal state with binding recommendations 085+ —0.011 —0.074*
(0.023) (0.027) (0.025)
Regional fixed effects Yes Yes Yes
Mother’'s employment history Yes Yes Yes
Predicted probabilities
Pr(.../ Mother’s risk attitude = averse) 4 0.330"** 0.356"**
(0.029) (0.031 (0.031
Pr(.../ Mother's risk attitude = neutral) ZBE** 0.326"* 0.436"*
(0.015) (0.017) (0.018
Pr(.../ Mother’s risk attitude = loving) 17 0.342** 0.441*
(0.029) (0.035 (0.034)

Note: Multinomial logit estimation, average marginal effedts=1,204 mother—child observations. Log-
likelihood = -1042.559. Predictions are generated as theage of all individual predicted probabilities
(calculated with the individually observed values of theartates), after modification of mothers’ risk
attitudes. Standard errors in parentheses. ***, ** * sfgraint at 1%, 5%, 10%.

Source SOEP, 2004. Authors’ own calculations.
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Table 3: Baseline specification - children’s educational attainmemultinomial logit

estimation.

Pr(y=lower sec)

Pr(y=secondary)

Pr(y=upper sec)

Average marginal effects

Father: risk—averse (career) —0.058° 0.033 Q025
(0.032 (0.041) (0.040)
Father: risk—loving (career) —0.037 —0.006 Q043
(0.031) (0.036 (0.033
Father’s education: lower sec. 1e8** —0.045 —0.123**
(0.035 (0.040 (0.038
Father’s education: upper sec. —0.048 —0.112 0.159**
(0.035) (0.048 (0.047)
Father’s education: missing .ApY —0.182** 0.083
(0.052 (0.055) (0.065)
Father’s age (at birth of child) —0.006 —0.011* 0.017**
(0.004) (0.005) (0.005)
Father: migrant M62 Q063 —0.126"*
(0.040) (0.051) (0.048)
Male 0.047 —0.047 —0.001
(0.024) (0.029 (0.02
Child’s age —0.038** 0.014 Q024+
(0.009 (0.011 (0.011
One sibling 0.023 0022 —0.045
(0.036) (0.042 (0.041
Two siblings 0.030 Q069 —0.100*
(0.040) (0.048 (0.046)
Three or more siblings .084 0.081 —0.164**
(0.051 (0.060) (0.056)
Net equiv-income (log) —0.063" —0.082 0.144+*
(0.037) (0.043 (0.038)
Federal state with binding recommendations 080 —0.027 —0.054
(0.026) (0.030) (0.028
Regional fixed effects Yes Yes Yes
Father’'s employment history Yes Yes Yes
Predicted probabilities
Pr(.../ Father’s risk attitude = averse) .185** 0.352** 0.463**
(0.027) (0.037) (0.036)
Pr(.../ Father's risk attitude = neutral) A3 0.319** 0.438**
(0.017) (0.019 (0.018
Pr(.../ Father’s risk attitude = loving) 206" 0.313** 0.481**
(0.029 (0.032 (0.030)

Note: Multinomial logit estimation, average marginal effecté=997 father—child observations. Log-
likelihood = -839.633. Predictions are generated as theageeof all individual predicted probabilities
(calculated with the individually observed values of thearates), after modification of fathers’ risk

attitudes. Standard errors in parentheses. ***, ** * sfgrsint at 1%, 5%, 10%.

Source SOEP, 2004. Authors’ own calculations.
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Table 4: Baseline specification - children’s educational attainmemultinomial logit

estimation.
Pr(y=lower sec) Pr(y=secondary) Pr(y=upper sec)
Average marginal effects
Mother: risk—averse (career) 21 —0.026 —0.014
(0.033 (0.040 (0.039
Mother: risk—loving (career) —0.013 —-0.021 Q034
(0.037) (0.043) (0.038)
Father: risk—averse (career) —0.063 0.013 Q050
(0.032 (0.044) (0.042
Father: risk—loving (career) —0.046 —0.008 Q054
(0.031) (0.037) (0.039
Parents: risk—averse (career) —0.053" 0.034 Q019
(0.030 (0.041) (0.038
Parents: risk—loving (career) —0.032 —0.033 Q065
(0.035) (0.040 (0.037)

Notes Multinomial logit estimation. N = 926 parent—child obsations. Additional control variables
included. Standard errors in parentheses. ***, ** * sigrdfint at 1%, 5%, 10%.
Source SOEP, 2004. Authors’ own calculations.
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Table 5: Predicted probabilities, simulation results for differeamples: baseline

specification using career risk attitudes

(A) OBSERVATIONS FROM ALL FEDERAL STATES (N=1204)

Pr(y=lower sec) Pr(y=secondary) Pr(y=upper sec)

Predicted school track

P(...]| mother = risk—averse) 3138 03298 03564
P(...] mother = risk—neutral) 2382 03262 04356
P(...] mother = risk—loving) Q170 03415 04414
Diff. averse-loving 00967 —0.0117 —0.0850*
(0.0405 (0.0495 (0.0425
0.0168 08126 00453
(B) OBSERVATIONS FROM FEDERAL STATES WITH BINDING RECOMMENDATI ONS (N=528)

Pr(y=lower sec) Pr(y=secondary) Pr(y=upper sec)

Predicted school track

P(...]| mother = risk—averse) .3B68 03535 03097
P(...] mother = risk—neutral) 2044 03230 03826
P(...] mother = risk—loving) .2809 03525 03666
A averse-loving M559 00010 —0.0569
(0.0708 (0.0762 (0.0650
0.4296 09892 03809

(c) OBSERVATIONS FROM FEDERAL STATES WITHOUT BINDING RECOMMEND ATIONS (N=676)

Pr(y=lower sec) Pr(y=secondary) Pr(y=upper sec)

Predicted school track

P(...]| mother = risk—averse) .AB0O8 03269 03923
P(...] mother = risk—neutral) 1028 03304 04768
P(...] mother = risk—loving) 2802 03171 05027
A averse-loving 1006 0.0098 —0.1104*
(0.0503 (0.0576 (0.0562
0.0457 08648 00494

Notes Standard errors (in parentheses) are obtained via baptaith 200 repeated draws. ***, ** *

significant at 1%, 5%, 10%.
Source: SOEP, 2004. Authors’ own calculations.
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Table 6: Predicted probabilities, simulation results: extendegtgjration using career
risk attitudes, interacted with parental education

(A) MOTHER-CHILD OBSERVATIONS (N=1204)

Predicted school track

Mothers’ risk attitude Lower secondary  Secondary Upper seondary

P(...] mother = risk—averse) AT64 03554 03682

P(...] mother = risk—neutral) 2364 03286 04350

P(...] mother = risk—loving) 2099 03230 04672

A Diff. averse-loving 00665 0.0324 —0.0990*
(0.0398 (0.0478 (0.0434)

(B) FATHER-CHILD OBSERVATIONS (N=997)

Predicted school track

Fathers’ risk attitude Lower secondary  Secondary Upper seandary

P(...| father = risk—averse) 1824 03609 04567

P(...| father = risk—neutral) .pA25 03192 04383

P(...| father = risk—loving) 2112 03145 04743

A Diff. averse-loving —0.0288 00464 —0.0176
(0.0403 (0.0505 (0.0468

Notes Standard errors (in parentheses) are obtained via baptaith 500 repeated draws. ***, ** *
significant at 1%, 5%, 10%.
Source: SOEP, 2004. Authors’ own calculations.
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Table 7: Children’s secondary school track choice: estimates usanger risk attitudes
as metric variable.

Pr(y=lower sec.) Pr(y=secondary) Pr(y=upper sec.)
Average marginal effects

Mother: risk willingness —0.010* 0.000 Q009
(0.005) (0.006) (0.005)
Father: risk willingness 002 —0.008 Q006
(0.005) (0.006) (0.006)

Notes Multinomial logit estimation, average marginal effectd=1204 (997) mother—(father—)child
observations. The estimates are estimated separatelydondther—child and father—child sample and
are based on the baseline specification including the satw# sentrol variables. Risk willingness is
used as a metric variable, where "0" indicates no willingriesake risk and "10" full willingness to take
risks. Standard errors in parentheses. *** ** * signifitam 1%, 5%, 10%.

Source SOEP, 2004. Authors’ own calculations.
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Table 8: Children’s secondary school track choice: estimates udiiferent risk attitudes

(A) GENERAL RISK —TAKING ATTITUDES

Pr(y=lower sec.) Pr(y=secondary) Pr(y=upper sec.)

Mother: risk—averse —0.009 Q014 —0.005
(0.031) (0.038) (0.036)
Mother: risk—loving —0.064 0.075° —0.011
(0.033 (0.040) (0.035)
Father: risk—averse —0.061" 0.095* —0.035
(0.032 (0.044) (0.041
Father: risk—loving —0.049 Q046 Q003
(0.036) (0.045) (0.042

(B) RISK ATTITUDES IN FINANCIAL MATTERS

Pr(y=lower sec.) Pr(y=secondary) Pr(y=upper sec.)

Mother: risk—averse 027 Q021 —0.048
(0.026) (0.030) (0.028)
Mother: risk—loving —0.078** 0.065° 0.012
(0.029 (0.037) (0.033
Father: risk—averse .018 Q060 —0.078*
(0.033 (0.041) (0.039
Father: risk—loving —-0.018 —0.000 Q018
(0.032 (0.038 (0.035)

(c) LOTTERY MEASURE

Pr(y=lower sec.) Pr(y=secondary) Pr(y=upper sec.)

Mother: risk—averse —0.023 Q056" —0.033
(0.024) (0.028 (0.026)
Mother: risk—loving —0.035 Q120 —0.085
(0.062 (0.078) (0.067)
Father: risk—averse —0.006 Q0517 —0.046
(0.026) (0.031) (0.029
Father: risk—loving —0.020 Q032 —0.011
(0.041) (0.050) (0.046)

Notes Multinomial Logit estimation, average marginal effecié=1246 (1005) mother—(father—)child

observations. The estimates are estimated separatelydfandther—child and father—child sample and
are based on the baseline specification including the satraf sentrol variables. Standard errors in

parentheses. *** ** * gignificant at 1%, 5%, 10%.

Source: SOEP, 2004. Authors’ own calculations.
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Table 9: Child's secondary school track: estimates using carekatigudes by child’s
gender

Average marginal effects
Mother-daughter (N=567) Pr(y=lower sec.) Pr(y=secongdaiyr(y=upper sec.)

Risk—averse @o7* —0.019 -0.078
(0.041) (0.049 (0.046)
Risk—loving 0017 —0.025 Q007
(0.044) (0.052 (0.050)
Mother-son (N=637) Pr(y=lower sec.) Pr(y=secondary) #ufyper sec.)
Risk—averse @59 0020 —0.079
(0.046) (0.053 (0.049
Risk—loving —0.049 Q044 Q005
(0.045) (0.052 (0.046)
Father-daughter (N=475) Pr(y=lower sec.) Pr(y=secordaBr(y=upper sec.)
Risk—averse —0.086" 0.042 Q044
(0.040) (0.059 (0.056)
Risk—loving —0.034 —0.101 0.135%*
(0.044) (0.051) (0.049
Father-son (N=522) Pr(y=lower sec.) Pr(y=secondary) =Rnfper sec.)
Risk—averse —0.012 —0.012 0024
(0.050) (0.056) (0.056)
Risk—loving —0.033 Q068 —0.034
(0.043 (0.050) (0.046)

Notes Multinomial logit estimation, average marginal effectéie estimates are estimated separately for
the four samples and are based on the baseline specificatioaling the same set of control variables.
Standard errors in parentheses. *** ** * gignificant at 18%p, 10%.

Source SOEP, 2004. Authors’ own calculations.
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Figure 1: Simplified illustration of the German school system

Note: The German education system is structured into threeddpeimary, secondary and tertiary). The
bold arrows specify the typical paths. The dashed arromesent less common transitions. Other school
types (not shown) include comprehensive schools, speatialds and a few other mainly private progressive
education alternatives such as Steiner schools or Montesstmols. In some federal states, students with
a lower secondary school leaving certificate can obtainntermediate school leaving certificatdittlere
Reifg after one more year. Specialised secondary sché&alshpberschuleoffer an upper school leaving
certificate that generally entitles the holder to gain etdryniversities of applied sciences.
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Figure 2: Children’s school attendance by parental risk attitudes
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s A. Tables

Table A.1: Descriptive summary of risk measures

Mother Father

Career Finance General Lottery Career Finance General ¢&ott
N 1,204 1,246 1,246 1,238 997 1,007 1,005 1,006
Quasi-continuous
0 1761 2801 7.95 822 1619 308
1 8.06 1709 538 .40 6.32 1043 239 179
2 1287 2175 1252 .57 1033 1609 7.66 278
3 1445 1509 1445 267 1244 1589 1353 7.65
4 1030 578 1228 1438 933 904 1035 1799
5 1902 827 2352 1817 1996 1251 2050 1899
6 6.40 217 987 6381 1083 933 1453 5080
7 6.40 112 7.62 1214 6.36 1552
8 357 .48 482 712 348 806
9 .66 .24 .96 160 .60 259
10 .66 .64 171 .10 169
Mean 338 197 407 541 440 324 504 502
Standard deviation 21 183 227 .92 248 236 220 124
Dummies
Risk—averse 151 2801 1332 6381 1454 1619 1313 5080
Risk—neutral 6470 5393 7263 3255 6289 6395 7443 3698
Risk—loving 1769 1806 1404 363 2257 1986 1244 1223

Notes: Risk willingness towardgareer, financeand generalis measured on an 11-point Likert-type
scale, where "0" indicates no willingness to take risks a@' indicates full willingness to take risks.
Risk willingness in thdottery is measured on a 6-point Likert-type scale, where "1" inisdull will-
ingness to take risks and "6" indicates no willingness. Aepaisrisk—averseif his or her response
valueX is smaller than the meamu) minus the standard deviatioo): X < u - g; risk—neutra] if X
ranges between the mean plus/minus one standard devigtior: <= X <= u + ¢ andrisk—loving if

X is larger than the mean plus the standard deviatiom: u + . Using thelottery measure a person is
risk—averseif his or her response valu¢is "6"; risk—neutralif X is "4" or "5" andrisk—lovingif X is
less than "4".

Source SOEP, 2004. Authors’ own calculations.
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Table A.2: Descriptive summary

Mother-child Father-child
(N=1,204) (N=997)
Variable Mean (Sda) Mean (Sda)
Child's age 13.26 (1.40) 13.22 (1.42)
Parent’s age at birth of child 27.90 (4.97) 31.08 (5.69)
Number of siblings 1.27 (0.84) 1.33(0.85)
Equiv. net household income (in€) 3173 (1830) 3378 (1896)
Male child 52.91 52.36
Child’s secondary school track
Lower track 25.00 22.57
Intermediate track 32.72 32.30
Upper track 42.28 45.14
Child’s school recommendation
None particular 6.73 6.92
Lower sec. school 8.72 7.82
Intermediate sec. school 18.52 17.75
Upper sec. school 28.41 29.79
Unknown/no answer 37.62 37.71
Parent’s risk attitude (towards career)
Risk—averse 17.61 14.54
Risk—neutral 64.70 62.89
Risk—loving 17.69 22.57
Parent’s school leaving certificate
Lower track 25.25 30.99
Intermediate track 39.20 27.48
Upper track 24.42 28.59
Other 11.13 12.94
Parent’s current employment status
Full-time 21.51 88.10
Part—time 49.83 2.70
Not employed 28.65 9.20
Parent’s employment experience (in years)
Full-time 8.00 (6.35) 20.68 (6.67)
Part-time 4.75 (4.78) 0.46 (1.75)
Not employed 0.93(1.90) 0.68 (1.75)
Migration background 16.03 19.36
Federal state with binding recommendations 43.85 42.93
Size of resident’s community
less than 2,000 14.12 13.94
2,000-5,000 (East:2,000-20,000) 12.96 12.14
5,000-20,000 25.25 27.98
20,000-50,000 (East:-100,000) 17.36 17.45
50,000-100,000 6.15 5.82
100,000-500.000 14.87 14.04
500,000 or more 9.30 8.63

Source SOEP, 2004. Authors’ own calculations.
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